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IS POLITICS POWER OR POLICY ORIENTED?
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In policy networks actors use access relations to influence preferences of other actors. Establishment and
shifts of access relations and their consequences for outcomes of decisions are the main focal points in
this paper. Unlike most policy network studies, we therefore do not take the network and its relations as
given and constant. Instead we device computer simulation models to account for the dynamics in policy
networks. We compare different models and investigate the resulting network structures and predicted
outcomes of decisions. The choice among the alternative models is made by their correspondence with
empirical network structures and actual outcomes of decisions.

In our models, we assume that all relevant actors aim at policy outcomes as close as possible to their
own preferences. Policy outcomes are determined by the preferences of the final decision makers at the
moment of the vote, In general, only a small fraction of the actors takes-part in the final vote. Most
actors have therefore to rely on access relations for directly or indirectly shaping the preferences of the
final decision makers. For this purpose actors make access requests to other actors. An access relation is
assumed to be established if such a request is accepted by the other actor.

Access telations require time and resources. Actors are therefore assumed to be restricted in the
number of access requests they can make and the number of requests they can accept. Moreover, due
to incomplete information and simultaneous actions by other actors, actors have to make simplifying
assumptions in the selection of their “besl” requests and learn by experience.

We device two base models that correspond to two basic views on the nature of political processes. In
the first view politics is seen as power driven. Corresponding to this view, actors aim at access relations
with the most powerful actors in the field. They estimate their likelihood of success by comparing their
own resources with those of the target actors. Power also determines the order in which actors accept
requests. In the second view, policy matlers and actors roughly estimate the effects access relations might
have on the outcome of decisions. Actors select requests to “bolster” their own preference as much as
possible.

We will show that these base models and some intermediate ones result in fundamentally different
network structures and predicted outcomes, Moreover, we will show that the policy driven models do
fundamentally betier than the power driven models.

KEY WORDS: Policy networks, collective decision making, computer simulation, object-oriented mod-
eling, dynamic modeling of social nctworks.
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the actor denotes the interest of the actor in the decision, the policy position his
preference.!

In the Seventies and Eighties several models for collective decision making have
been published. Some of them are extensions of Coleman’s exchange model of con-
trol (Coleman, 1972). In this model, actors have control over events and are inter-
ested in outcomes of events. Coleman shows how exchanges of control between ac-
tors result in changes at the collective level. Actors engage in exchanges if they have
relatively more control over events in which they are less interested than in events
that interest them intensely. The extensions aim to include preferences of actors
in favor or against proposals. Other extensions connect Coleman’s model to polit-
ical networks (Marsden, 1981; 1983; Laumann, Knoke, and Kim, 1987, Coleman,
1990). Other models stem from political scientists who perceive politics as conflict
resolution, fundamentally different from the exchange processes in economics on
which Coleman based his exchange model. Very powerful is the model developed
by Bueno de Mesquita (Bueno de Mesquita et al., 1985; Bueno de Mesquita and
Lalman, 1986; Bueno de Mesquita, 1994). His model is based on three empirically
estimated variables that characterize the relations between actors and each deci-
sion, namely their potential power, salience, and policy position. Actors evaluate
the potential effect of challenges of each other’s policy positions on the decision
outcome. These challenges may result in enforced support of actors for other alter-
natives than they prefer and consequently in other outcomes of decisions. Stokman
and Van Oosten (1994) model also support by actors for other alternatives than the
preferred ones. In their model, this support is not due to enforcement but to ex-
changes of voting positions. One actor is willing to support the preferred position
of another actor on one issue, if the other actor is willing to support his preferred
position on the other. The extensions of Coleman’s model are restricted to pro/con
decisions. The latter models can predict outcomes as values on a continuum.

Common to all described models is their lack to represent explicitly all different
power elements. The network models incorporate solely access relations in their
models, neglecting differences in resources and voting power of actors. All other
models use only one total score for the potential power of actors regarding each is-
sue. This implies that the formal decision making process cannot be modeled prop-
erly in any of these models. This is particularly harmful because of the fundamental
differences between voting and influencing (Mokken and Stokman, 1976). In the
vote, voting power of actors counts, dependent on their weight in the vote and the
voting rule. In the influence process, preferences are still evolving due to new -
formation. The potential influence of actors now depend on their access to other
actors and the available resources to convince other actors. Common to all models
mentioned above, however, is the assumption that preferences of actors are given
and constant. Actors are willing to exchange control, willing or forced to support
other positions, but their preferences remain constant. The models completely ne-
glect the preference formation process that is the core of the influence process.
Studies on the management of meaning within organizations stress the importance
of the latter (O’Reilly, 1983; Weick, 1979; Bouwen, 1993).

IWhenever we use the male form for an actor, we mean the female reference as well.
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The second view assumes that actors are primarily policy driven. Also this view
has longstanding roots in international politics and foreign policy making (Allison,
1971) and political science (Dahl, 1961). In this view, analysis of power should be
combined with an analysis of policy stands and the interactions between the two.
Allison, for example, formulated his governmental (bureaucratic) politics paradigm
by answering four interrelated questions:

“Who plays? What determines each player’s stand? What determines each player’s relative

influence? How does the game combine players’ stands, influence, and moves to yield govern-
mental decisions and actions?” (Allison, 1971, 164)

A combined analysis of power, communication, and policy stands revealed already
soon the mechanisms and importance of selective exposure to information:
“As others have before us, we, too, found that persons read and heard expositions of the

views they already believed. Protectionists attended to protectionists, liberal traders to liberal
traders.” (Bauer et al., 1963, 467)

The combined focus on communication structures and issue stands crystallized
into the concept of policy networks. The concept refers to the symbiotic relation-
ship of state and society (Hanf and Scharpf, 1978; Heclo, 1978; Katzenstein, 1978).
Policy networks typically refer to political problems involving complex political, eco-
nomic and technical task and resource interdependencies (Knoke, 1990; Kenis and
Schneider, 1991; Jansen and Schubert, 1995). The selective communication finding
of Bauer et al. was corroborated in later and more detailed policy network stud-
ies (Heinz et al, 1993). Our second base model, the Policy Maximization Model,
reflects this view and findings. Actors roughly estimate the effects access relations
might have on the outcomes of decisions. Actors accept requests selectively to “bol-
ster” their own preference as much as possible. Besides these two base models, we
propose a few other models to investigate interaction effects between power and
policy.

Modeling influence processes through access requesis and acceptance seems to ne-
glect a basic idea and finding in the literature on nondecision making. Actors often
anticipate potential pressure from very powerful actors by taking their preference
already into account in the formation of their own stand. Our models neither seem
to include broadcasting and opinion formation via public media. If we take requests
and acceptance literally, this is correct. We can define access relations, resulting
from requests and acceptance, also more broadly as indication, that the preferences
of such actors are considered. An access request indicates then not only an actual
but also an intended request if one’s own preference would not be taken into ac-
count. Acceptence simply indicates that the preference of the other is actually taken
into account. In this broader sense, our model includes also anticipation and (selec-
tive) exposure to media. This corresponds with the indicator we normaily use in our
studies. It phrases access as weighting the other’s preference in one’s own.

2. BASIC DEFINITIONS

Starting point of our models is an issue domain consisting of a set of n actors
(i,j,k = 1,...,n) and a set of m issues or decisions (a,b,c = 1,...,m). Among other
things, decision making procedures determine which actors take the final decisions.
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of the policy position of actor #, and, consequently, to an expected outcome closer
to actor #’s policy position. Thus, in general, influence on actors with a more extreme
policy position on their own side of the expected outcome is counterproductive. Access
relations to other actors with exactly the same policy positions have no direct effect
(at most it can outbalance effects of other actors). In all other cases, an access
relation has a potentially positive effect. This effect will be larger, the larger the
distance between the policy positions of the two actors. If more issues are involved,
access relations gain importance if they effect outcomes of decisions on which the
distance between the expected outcome and the policy position of the actor is large.
Moreover, the utility gain is higher for more salient issues. These ¢onsiderations are
incorporated in the model by including the following factor into the utility function:

m
Zsia(xfa - sz)(xfa - x;'a)'
a=1

The larger the product, the more positive the impact of the access relation. The
approximation of the utility of the different access relation’s under the PR specifica-
rion can now be given by the following equation:

m
U*al = 84S [sia(Klg — 04 (tha = X42)(Ch + Via)]. (9b)
a=1

In the example of the AVEBE, the policy position of the Committee Goudswaard
will be equal to the expected outcome on all issues. Under Equation (9b), the Com-
mittee Goudswaard would have no incentives to make any access requests at all. We
therefore make a different PR specification for actors who have the same policy po-
sition as the expected outcome on all issues. For these actors, we assume that the
utility of access relations increases according to the additional support they provide
for the expected outcome. Consequently, these actors attempt to get access to ex-
treme actors to moderate their preferences. This is realized by replacing the term
(xfa - OZ)(xfa - x't/'a) in Equation (9b) by lea - x}al'

In the example of the access request of the Farmers to the Committee Gouds-
waard, the estimated utility under the PM model is: ‘

gremes gl oudsasard = 0:20/(0.20 + 0.60)*0.32" — 28.13/72.5* — 28.13/72.5"1

= 0.012.

The choice of access requests does not only depend on the utilities, but also
on the likelihood of success. This likelihood of success depends on the order in
which actors accept access requests. For that reason we first consider the alternative
specifications for the acceptance of access requests before we deal with alternative
specifications for the estimation of the likelihood of success.

5.3.2. Four Specifications for Access Acceptance
If an actor receives more requests for incoming access relations than he is allowed
to accept, he has to decide which requests to accept and which to refuse.

In the Control Acceptance specification (CA), actors have to accept requests in the
order of the resources of the proposing actors. If a choice has to be made between
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Under the second interaction specification, the “bolstering” effect is even more
emphasized than under the PA specification. Actors select access requests of the
most powerful actors if their policy positions are close to their own policy position.
If the difference between their own and the other’s position is larger than a certain
threshold, they select the least powerful actors. Beyond the threshold, actors thus
try to minimize the influence they are subject to. Such access relations have a more
or less symbolic meaning, They demonstrate that the actor is open for broader in-
fluence but at the same time he tries to minimize that influence. Even more than
under the PA specification, actors select access requests in such a way that they can
maximally uphold their own policy position while trying to influence actors with
quite different policy positions. For that reason, we call this interaction specifica-
tion the Policy/Legitimation Acceptance specification (PLA for short). If we denote
the threshold for actor i by h;, the order of acceptance for actor f is given by:

m
rjzsia (hi—\/lxia—xja|>
a=1
with 0 < k; < 1.

In our AVEBE example, we assume that #; = 0.1 for all actors. It means that
actors start to select the least powerful actors if the square root of the difference of
their policy positions is larger than 10 percent of the position range on the issue.

We illustrate the CA and PA specifications with the AVEBE issue on the environ-
mental investment. As we have seen above, all actors make an access request to the
Committee Goudswaard at time ¢ = 1. The Committee Goudswaard has to accept
six requests (five from other actors; see Section 5.1). In the CA specification, these
requests are ordered on the basis of the resources of the actors. Since we deleted
the RABO Bank and the National Investment Bank (no position), Table 1 shows
that the Committee will accept the requests of the CDA, Green Movement, the
Ministry of Agriculture, the Farmers, and one randomly chosen actor from those
with resources 0.18. In the PA specification, the Ministries of Economic Affairs and
Finance will first be selected, followed by the AVEBE'’s Executive and Supervisory
Boards. Finally either the Second Chamber or the Second Chamber Committee for
Agriculture will be selected.

5.3.3. Two Alternative Estimates for the Likelihood of Success

We now return to the actor’s estimate of the likelihood that an access request will be
accepted. Under the CA and CPA specifications, actors realize that the likelihood of
acceptance of their access requests depends on their relative amount of resources.
Requests of actors with large resources are more likely to be accepted. Moreover,
actors also realize that actors with large resources will probably be attractive targets
for many actors in the policy network. Accordingly, powerful actors will have to
refuse more access requests than less powerful actors. Under the PA, CPA, and
PLA specifications, actors realize that the likelihood of acceptance of their access
requests depends on the proximity of their own policy positions to those of the
target actors. We therefore formulate two simple alternative estimates actors make
for the likelihood of success. The first estimate is based on a comparison of his
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FIGURE 2. Control Maximation Model: (a) Network after one iteration,
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FIGURE 3. Policy Maximization Model: (a) Network after one iteration,
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Pol Party CDA

RABO B - reen Movement
we A f\"{%ﬁ‘.‘?{\\\
Cmm“ L7 :‘.“ “‘;, ational Inv. Bank

N S

Mir Env.

Second Chumber

Sec.Chamber C. Ag

Farmers Workgroy,
Veonkolonlen

FIGURE 3. (Continued.) (e) Network after five iterations.

101



DYNAMIC ACCESS MODELS 103
TABLE 3
Decision Outcomes in AVEBE Policy Domain (100 Simulations per Condition)*
Issue Decision Outcomes Mean Values (sd in brackets)
Likelihood Request Acceptance Specification
Specification Specification CA CPA PA PLA
Investments environment (Actual outcome: 73 MDI)
CL CR 96.3(2.9) 96.7(2.1) 94.1(2.3) 88.0(2.3)
FR 94.1(3.2) 96.3(2.4) 81.9(4.5) 91.6(3.7)
PL CR 95.1(3.1) 90.0(2.9) 80.3(3.4) 89.5(2.2)
PR 92.7(3.0) 90.2(2.5) 77.2(2.1) 82.2(2.2)

Debt Reduction (Actual outcome: 183 MDI)

oL CR 19092.5  1963(3.0)  187.2(20)  187.4(27)
PR 2035(57)  196.6(4.3)  179.1(33)  191.8(5.4)
PL CR 1872(34)  1857(21)  180.4(20)  178.0(19)
PR 1938(23)  1812(32)  1793(38)  172.5(4.5)

Own Capital (Actual outcome: 20 Percent of Total Capital)

oL CR 35.8(0.5) 35.6(0.7) 37.2(0.4) 35.1(0.6)
PR 35,8(0.4) 35.4(0.7) 35.5(1.0) 34.2(0.6)
PL CR 35.7(0.6) 35.8(0.4) 35.6(0.4) 33.5(0.3)
PR 35.5(0.4) 35.9(0.5) 34.5(0.7) 34.4(0.5)

*bold: theoretically interesting models (CMM, CPM, PMM, and PLM from left to right)

TABLE 4
Densities of Generated Networks in AVEBE Policy Domain (100 Simulations per Condition)*
Issue Densities
Acceptance Specificatio
Likelihood Request cceptance Specification

Specification Specification

CA CPA PA PLA

(A) Mean Values Over 100 Simulations (sd in brackets)

oL CR 0.11(0.000)  0.13(0.002)  009(0.002)  0.15(0.002)
PR 0.11(0.000)  0.13(0.007)  0.12(0.006)  0.15(0.006)
PL CR 0.12(0.000)  0.13(0.001)  0.12(0.003)  0.15(0.002)
PR 0.14(0.005)  0.13(0.004)  012(0.009)  0.15(0.005)

(B) Density Aggregated Network (density empirical network: 0.50)

CL CR 0.12 0.16 0.19 0.24
PR 0.29 0.25 0.33 0.63
PL CR 0.13 0.16 0.27 027
PR 0.30 0.25 0.40 0.51

*bold: theoretically interesting models (CMM, CPM, PMM, and PLM from left to right)
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models generated many ties between like-minded actors and networks in which all
actors were involved in the influence process.

In this paper only one application in a policy domain with three decisions could
be considered. Stokman and Berveling (1996) provide further evidence for the pol-
icy driven models. They apply and compare the substantively interesting models on
two policy domains in Amsterdam (Berveling, 1994). The data were collected by in-
terviewing representatives of all involved actors (depending on the issue, 50 to 100
actors). The analysis concerned six decisions in the urban development field and
four decisions in the domain of minority problems. The two policy driven models
gave systematically better predictions of outcomes on all issues. For both models,
nine out of ten predictions could be classified as correct. We also found similar
differences between the aggregated networks of the two base models. Again, the
control base model generated very poor networks against much richer networks for
the policy driven base model.

Notwithstanding the promising results for the policy driven models, further re-
search is required. Although the policy driven models give good predictions of issue
outcomes, they do not yet generate networks that are sufficiently similar to empiri-
cal networks. A next step could be to estimate essential parameters in the simula-
tion models by a fitting procedure of certain empirical network characteristics. This
strategy is suggested in Snijders (1996), but his statistical model has to be extended
for this purpose. This would provide us also with statistically sound goodness of fit
criteria.
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